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and narcissism were collected for 102 Instagram users. Screenshots were taken of

A number of Instagram cues were objectively retrieved, counted, and rated by
independent trained cue coders from the screenshots. 100 unacquainted observ-
ers then judged the Big Five traits, self-esteem, and narcissism on the basis of
Instagram screenshots only.

Results: We identified Instagram account characteristics that were associated
with users' personality traits (measured with self-reports, informant reports, and
self-informant composites) and observers' zero-acquaintance personality judg-
ments. Personality judgments that were based on Instagram accounts demon-
strated consensus and significantly converged with Instagram users’ Big Five
traits, self-esteem, and narcissism across all three personality criteria. Averaged-
observer accuracy correlations for self-informant composite scores ranged from
r = .44 (p<.001) for extraversion to r = .25 (p = .013) for conscientiousness.
Conclusions: Our findings provide insight into cue processes of online
self-portrayal and impression formation on Instagram and the level of zero-

acquaintance accuracy.
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1 | INTRODUCTION media platform for sharing images and videos, provides

vast opportunities for online self-expression and impres-
With over a billion users worldwide (Dean, 2022), sion formation as part of people's daily lives (Sheldon
Instagram (http://instagram.com), the popular social & Bryant, 2016)." Instagram use, enhancing social
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interconnectivity by allowing people to track who they are
following and their followers, has been shown to influence
users’ affective well-being (e.g., Weinstein, 2018), body
image (e.g., Vandenbosch et al., 2021), and mental health
(e.g., Faelens et al., 2021) and may portray current and
upcoming trends (e.g., beauty, fashion; Instagram, 2021).
Often, the features and content of Instagram accounts
(i.e., digital footprints), which may reflect aspects of in-
dividuals' personality traits (Cooper et al., 2020), are the
sole basis on which judgments of other users are formed
at zero acquaintance.

In recent years, a large number of psychological stud-
ies have investigated the role of personality traits, which
can be defined as “patterns of thought, emotion, and be-
havior that are relatively consistent over time and across
situations” (Funder, 2012, p. 177) in social networking
site (SNS) use (for meta-analyses, see, e.g., Gnambs &
Appel, 2018; Huang, 2019; Liu & Baumeister, 2016; Liu
& Campbell, 2017; McCain & Campbell, 2018). With re-
gard to the most well-researched and widely accepted
trait taxonomy, the Five-Factor model, which comprises
the so-called Big Five traits (neuroticism vs. emotional
stability, extraversion, openness to experience, conscien-
tiousness, and agreeableness; John et al., 2008; John &
Srivastava, 1999), meta-analyses have shown that neurot-
icism and extraversion have small positive relationships
with overall SNS use, and all Big Five traits are signifi-
cantly associated with more specific SNS behaviors and
content shared on social media (Huang, 2019; Liu &
Campbell, 2017). Specifically, neuroticism is positively
correlated with status updates; extraversion is positively
associated with interactions, photo posting, and total
number of online friends; openness is positively related
to information seeking, photo posting, and status updates;
agreeableness is positively correlated with photo posting;
and conscientiousness is negatively correlated with infor-
mation seeking (see Liu & Campbell, 2017).

Recent meta-analyses have also provided evidence that
the personality traits self-esteem (referring to subjective
evaluations of personal worth; Donnellan et al., 2011)
and narcissism (reflecting a grandiose and inflated self-
concept; Buffardi & Campbell, 2008; Miller et al., 2021) are
significantly related to both overall and specific SNS be-
haviors (Gnambs & Appel, 2018; Liu & Baumeister, 2016;
McCain & Campbell, 2018). Whereas overall SNS use has
been shown to be higher among people low in self-esteem,
self-esteem was positively correlated with number of on-
line friends (Liu & Baumeister, 2016). Grandiose narcis-
sism was positively related to time spent on social media
and to number of online friends/followers, interactions,
photo posting, number of selfies, and frequency of status
updates (Gnambs & Appel, 2018; Liu & Baumeister, 2016;
McCain & Campbell, 2018).

In addition, research has shown that personality traits
can be predicted from users' digital footprints of SNS be-
haviors in both human-perception and computer-based
studies (e.g., Hinds & Joinson, 2019; for meta-analyses,
see Azucar et al., 2018; Tskhay & Rule, 2014). With re-
gard to the Big Five traits, human judges (i.e., observers)
significantly agreed with each other in their judgments
(i.e., consensus) of all traits and could accurately infer
all traits except for neuroticism based solely on strangers'
(i.e., targets’) SNS profiles, with meta-analytic accuracy
correlations between observers' judgments and targets'
personality scores ranging from .11 (neuroticism) to .42
(extraversion; Tskhay & Rule, 2014). Similarly, computer
algorithms adopting the role of the observer in computer-
based studies have been shown to successfully predict the
Big Five traits using digital traces extracted from social
media (Azucar et al., 2018).

In sum, the overwhelming majority of studies summa-
rized in the presented meta-analyses examined text-based
media (e.g., personal websites, Twitter) and Facebook as a
social media platform, with only a few exceptions explor-
ing visual-image-based platforms, such as Instagram (e.g.,
Pornsakulvanich, 2017; Skowron et al., 2016), and most
often, self-reports were used to measure users’ personality
traits. Studies analyzing visual-image-based social media
“to establish the relevance of visual digital footprints for
the prediction of personality” (Azucar et al., 2018, p. 124)
and research “using aggregate target and informant re-
ports to provide more realistic and accurate personality
assessment” (Hinds & Joinson, 2019, p. 208) can address
current gaps in the literature and advance our understand-
ing of personality.

For Instagram in particular, a number of studies have
analyzed how self-esteem and narcissism are related
to self-image posting behaviors with findings showing
no associations between self-esteem and the overall fre-
quency of selfie posting, with equivocal results for narcis-
sism (Barry et al., 2017; Barry, Reiter, et al., 2019; McCain
et al., 2016). Whereas Barry et al. (2017) and Barry, Reiter,
et al. (2019) found no or only weak relationships between
narcissism and selfie posting involving certain self-image
themes (e.g., physical appearance, affiliation with others),
McCain et al. (2016) reported significant links between
narcissism and taking and posting more selfies. Moon
et al. (2016) found that narcissism showed significant
positive links to Instagram users' self-estimated frequency
of selfie posting, profile picture updates, time spent on
Instagram, and sharing of self-promotional content (i.e.,
physically attractive profile pictures).

Further, research using computer algorithms for visual
feature and content analysis of Instagram pictures has
identified the most common identifiable categories as pho-
tos with “people” or “one human face” (Y. Kim, personal
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communication, May 31, 2022) and reported small signifi-
cant relationships between users' self-reported personality
traits and both Instagram pictures' color features and/or
content categories (e.g., Ferwerda et al., 2016; Ferwerda &
Tkalcic, 2018; Kim & Kim, 2018, 2019; Kim et al., 2021).
Whereas these previous studies have focused on specific
types (i.e., selfies) or machine-vision detected features of
Instagram photos, Cooper et al. (2020) comprehensively
investigated Instagram photo content assessing a large
number of both machine-vision and human-detected pho-
tograph features. Of the 3,363 analyzed Instagram photos,
the three most used content categories classified by trained
human coders were “quote”, “selfie”, and “fashion.” The
authors analyzed relationships between Instagram users’
self-reported bright and dark side personality characteris-
tics and self-reported behavioral and affective expressions
of personality as well as machine-vision and human-
detected situational information in Instagram pictures
(see Rauthmann et al., 2015, for the theoretical conceptu-
alization and terminology of situational information).

Few studies have examined how personality judg-
ments are made on the basis of Instagram accounts (Barry,
McDougall, et al., 2019; Harris & Bardey, 2019). Harris
and Bardey (2019) asked 65 observers to judge four pro-
files of female Instagram users (screenshots of 12 images
for each) for the Big Five personality traits. The authors
analyzed mean-level differences between Instagram users'
self-ratings and observers' personality judgments, but they
did not report accuracy correlations for the Big Five traits.
In addition, they qualitatively analyzed aspects (cues) that
influenced observers' perceptions by interviewing six of
the 65 observers.

Barry, McDougall, et al. (2019) used self-images posted
on Instagram to analyze the trait judgments (especially
narcissism) of 30 Instagram users. Targets completed
personality self-reports; then screenshots of targets' 30
most recent Instagram posts were judged by 119 unac-
quainted observers for 13 personality attributes (e.g., “is
self-absorbed,” “has low self-esteem”). For Instagram
activity parameters, Instagram users' self-ratings of
grandiose narcissism, extraversion, and openness were
significantly linked to number of followers and number
of accounts followed. Observer-rated self-absorption was
positively linked to number of Instagram followers and
other accounts followed, and observer-rated self-esteem
was positively correlated with number of followers. Users
with more selfies were judged more negatively by unfa-
miliar raters (e.g., as self-absorbed, with low self-esteem)
and results generally showed only weak evidence of self-
other agreement with small significant associations be-
tween self-rated grandiose narcissism and self-esteem
and observer-rated self-absorption (Barry, McDougall,
et al., 2019).

Theissuesinvestigated in previous studies on Instagram
correspond to different aspects of Brunswik's (1956) lens
model, the conceptual framework originally proposed
to describe how humans gather information in funda-
mentally uncertain environments. The lens model has
been adapted to describe personality expression and im-
pression formation processes in the context of human-
human personality trait judgments (e.g., Nestler &
Back, 2013; Osterholz et al., 2021), and more recently,
human-machine interactions (Cannata et al., 2022; Phan
& Rauthmann, 2021). On the expression side of the lens
model, traits have been reliably observed to have signifi-
cant relationships with Instagram activity and uploaded
content (cuevalidity; Barry, McDougall, et al., 2019; Cooper
et al., 2020; Ferwerda et al., 2016; Kim & Kim, 2018, 2019;
Kim et al., 2021; McCain et al., 2016; Moon et al., 2016).
On the reception side of the lens model, judges appear
to utilize a variety of Instagram cues to make personality
judgments (cue utilization; Barry, McDougall, et al., 2019;
Harris & Bardey, 2019). The lens model assumes that for
humans to form accurate impressions of latent, not di-
rectly observable personality traits, they need to be sensi-
tive to and utilize available observable cues that are indeed
(valid) indicators of the latent characteristic of interest
(Nestler & Back, 2013).2

Altogether, previous literature on the links between
Instagram activity and content and personality traits has
exclusively relied on self-reports capturing the unique
view of the person him—/herself which may not neces-
sarily have a strong correspondence with how we behave
or how others see us (Vazire & Carlson, 2021). In addi-
tion, only a small number of studies has explored which
features of Instagram accounts are linked with strang-
ers’ perceptions of users' personality traits and provided
preliminary findings on the accuracy of these judg-
ments. The present study aimed to expand the scope of
the literature by comprehensively exploring associations
between features and contents of Instagram accounts
and personality traits assessing (a) not only users' self-
reports, but also informant reports, and the combined
view of the self and informant as personality criteria,
and (b) personality judgments by strangers based on
Instagram accounts only. This study tries to fill current
gaps in the literature by conjoining both sides of the
lens model (Nestler & Back, 2013) to investigate three
research questions concerning (1) personality expres-
sion, (2) impression formation, and (3) the accuracy of
zero-acquaintance personality judgments that are based
on Instagram accounts. To this end, this study analyzes
self-ratings, informant reports, and self-informant com-
posite scores of Instagram users' personality traits for
the Big Five traits, self-esteem, and narcissism, a large
number of behavioral criteria derived from Instagram
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accounts, and personality inferences by strangers. Our
analyses are exploratory and follow recommendations
for “descriptive personality research” described by
Mottus et al. (2020), which can inform personality sci-
ence through uncovering unprecedented relationships
between personality traits, Instagram behaviors, and
personality judgments without testing hypotheses or
being restrained by theoretical models.’

2 | THE PRESENT STUDY

In the present study, for a large number of Instagram
users (i.e., targets) and human judges (i.e., observ-
ers), we investigated personality expression, im-
pression formation processes, and the accuracy of
zero-acquaintance personality judgments that are
based on Instagram accounts for the Big Five traits,
self-esteem, and narcissism. We applied a multimethod
approach that used self-ratings, informant reports, and
self-informant composite scores as criterion measures
of targets' personality traits. First, we examined rela-
tionships of these personality criteria with Instagram
users' actual behaviors and picture content (i.e., cues)
agglomerated in digital footprints of their Instagram
accounts (cue validities). Second, we explored impres-
sion formation processes by analyzing the links be-
tween zero-acquaintance personality judgments based
on screenshots of targets’ Instagram accounts and the
accounts' features and content (cue utilizations). Third,
we studied the accuracy of zero-acquaintance person-
ality judgments by analyzing the level of consensus
(interjudge agreement) and accuracy correlations of
personality judgments with targets’ personality crite-
ria for the Big Five traits, self-esteem, and narcissism.
Such a multimethod approach that regards targets'
self-reports, informant reports, self-informant com-
posite trait scores, actual SNS behaviors agglomerated
in targets' Instagram accounts, and personality infer-
ences by unacquainted others will allow researchers to
obtain a richer understanding of personality in visual-
content-based social networks. Our analyses are largely
exploratory because of a lack of previous comprehen-
sive data on the accuracy of and underlying cue pro-
cesses in first impressions based on Instagram accounts
in one study. Given the broad scope of our analyses
of several personality criteria (self-ratings, inform-
ant reports, and self-informant composite scores) and
zero-acquaintance personality judgments with a large
number of individual behavioral cues and aggregated
behavioral components, we refrained from articulating
specific hypotheses as those would be more confusing
than clarifying.

2.1 | Question1: Personality expression:
Which Instagram features and content
(cues) are (valid) indicators of Instagram
users’ personality traits (cue validity)?

First, we analyzed which Instagram features and con-
tent are associated with Instagram users’ Big Five traits,
self-esteem, and narcissism. Whereas previous stud-
ies on Instagram have assessed self-reports as measures
of users' personality traits when analyzing relationships
with Instagram content (Barry, Reiter, et al., 2019; Cooper
et al., 2020; Ferwerda et al., 2016; Kim & Kim, 2018, 2019;
Kim et al., 2021; McCain et al., 2016; Moon et al., 2016),
the way we judge ourselves might not necessarily have a
strong correspondence with how we behave or how oth-
ers see us (Vazire & Carlson, 2021). Self-reports and re-
ports by knowledgeable informants (Vazire, 2006), which
are moderately correlated (Connelly & Ones, 2010), each
capture unique insights into people's personality, but also
reveal limitations and blindspots (Back & Vazire, 2012;
Vazire, 2010). That is, each source taps into different
available information (McAbee & Connelly, 2016), with
self-reports tapping into people's explicit self-views of
their traits as part of their identities, and other reports re-
flecting how others see a target person as part of people's
reputations (Hogan & Blickle, 2018). Thus, we considered
both self- and informant reports as well as composite trait
scores (capturing shared variance between self- and in-
formant ratings) as using all of these provides a more com-
plete picture of targets' “true personalities” (Funder, 1999;
Kenny, 1994).

The selection and conceptualization of cues (i.e.,
Instagram features and content) were based on both
theoretical foundations and empirical findings on per-
sonality expression and personality judgments based
on Instagram and related social media platforms (Barry,
McDougall, et al.,, 2019; Barry, Reiter, et al.,, 2019;
Buffardi & Campbell, 2008; Christofides et al., 2009;
Cooper et al., 2020; Ferwerda et al., 2016; Ferwerda &
Tkalcic, 2018; Hu et al., 2014; Kim & Kim, 2018, 2019; Kim
et al., 2021; McCain & Campbell, 2018; Moon et al., 2016;
Stopfer et al., 2014; Vander Molen et al., 2018; Wilson
et al.,, 2012). As Instagram is image-based, and about
20% of pictures in the study by Cooper et al. (2020) were
self-images, we also took into account research on the
accuracy of personality judgments based on selfies (e.g.,
Kaurin et al., 2018; Qiu et al., 2015) and people's physi-
cal appearance in full-body photographs (e.g., Borkenau
& Liebler, 1992; Naumann et al., 2009; Vazire et al., 2008).
Applying lens model terminology (Nestler & Back, 2013;
Osterholz et al., 2021), we use the term cue to broadly refer
to information perceivable by unacquainted observers and
used to form personality judgments as commonly applied
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in research on the accuracy of personality judgments
and underlying cue processes (Back & Nestler, 2016). We
aimed to assess cues that were objectively retrievable and
countable from the Instagram accounts to reflect objective
parameters of Instagram activity as well as aspects of de-
sign and disclosed information from Instagram posts and
appearance-focused aspects of the profile owner rated by
trained independent cue coders at the meso-level (see Breil
et al., 2021).

2.2 | Question 2: Impression formation:
Which Instagram features and content
(cues) are associated with observers’
zero-acquaintance personality judgments
(cue utilizations)?

Second, we examined impression formation processes
by analyzing associations between targets’ Instagram ac-
count features and content (cues) and observers' zero-
acquaintance personality judgments of Instagram users'
Big Five traits, self-esteem, and narcissism (cue utiliza-
tions). Thereby, we aimed to explore correlations of as-
sessed cues with the averaged personality judgments of
all observers separately for traits reflecting impression
formation processes based solely on Instagram accounts
for the “average” observer.

2.3 | Question 3: Accuracy: How
accurate are zero-acquaintance personality
judgments of Instagram users based solely
on their Instagram accounts?

Third, we examined the extent to which unacquainted
observers can accurately judge Instagram users' Big Five
traits, self-esteem, and narcissism. We assessed consensus
(i.e., level of agreement between two or more observers in
their personality judgments of another person) and self-
other agreement (i.e., the correlation between targets' self-
reports and observers' personality judgments) as accuracy
criteria (Connelly & Ones, 2010; Funder, 2012). Extending
previous research examining self-other agreement of per-
sonality inferences based on Instagram (Barry, McDougall,
et al., 2019), we further defined accuracy as the extents to
which observers' personality judgments correspond with
reports from well-acquainted informants (i.e., reflecting
a reputation standpoint) and self-informant composite
scores (i.e., reflecting what is known to the self and the
informant; e.g., Naumann et al., 2009).

In our analyses, we applied a trait-based approach and
computed both averaged-observer and single-observer
accuracy across targets for each specific trait (Back &

Nestler, 2016). Averaged-observer accuracy reflects the cor-
respondence between the common (i.e., averaged) judg-
ments of all observers and targets' personality criterion
measures. Please note that averaged-observer results de-
pend on the number of observers, whereas single-observer
values represent accuracy for the typical (i.e., average) sin-
gle observer (Nestler & Back, 2017). To this end, accuracy
correlations are first computed for each single observer
and then averaged into a mean single-observer accuracy
correlation. Accuracies at the level of single observers
have been included in only a few previous studies (e.g.,
Back et al., 2010; Naumann et al., 2009) and are not rep-
resented in meta-analytic results (Tskhay & Rule, 2014).

3 | METHOD

3.1 | Self- and informant reports of
Instagram users

To obtain our sample of Instagram users, we used
Instagram direct messages to contact 1,488 people with a
public profile who had used the hashtag #I. We included
a description of the study's purpose and a link to an on-
line questionnaire. We chose the very general hashtag #I
to avoid preselecting any specific communities or groups
of Instagram users. Before answering the online question-
naire in SoSci Survey (Leiner, 2019), participants provided
informed consent and agreed that their Instagram profile
could be viewed and rated for research purposes. No mon-
etary compensation was given.

Instagram users answered questions about their demo-
graphics (age, gender, relationship status, education level)
and Instagram use (i.e., Instagram name, start date, and
frequency of use). They then indicated which of seven
motives for Instagram use (e.g., for entertainment/con-
sumption of photos and videos, for communication/in-
teracting with others, to create one's own profile/upload
images) applied to them (1) or not (0). Next, they com-
pleted items for assessing the Big Five personality traits,
self-esteem, and narcissism. The Big Five were assessed
with the GSOEP Big Five-Inventory Short (BFI-S; Gerlitz
& Schupp, 2005; Hahn et al., 2012), which consists of 15
items and was extended by one additional item measuring
openness in 2009 in the German Socio-Economic Panel
(GSOEP; Richter et al., 2017). Big Five items were an-
swered on a scale ranging from 1 (does not apply to me at
all) to 7 (applies to me perfectly). Self-esteem was assessed
with four items: a single item (“I have a positive attitude to-
ward myself”) from the GSOEP (Richter et al., 2017, p. 62),
rated on the same scale as the Big Five items; the Single
Item Self-Esteem Scale (SISE; Robins et al., 2001), rated on
a scale ranging from 1 (not very true of me) to 5 (very true of
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me); and the two items with the highest item-subscale cor-
relation (i.e., Items 3 and 9) from the German version of
the Rosenberg Self-Esteem Scale (RSES; Rosenberg, 1965;
Roth et al., 2008), both rated on a scale ranging from 1
(does not apply at all) to 4 (applies perfectly). Narcissism
was measured with the six-item Narcissistic Admiration
and Rivalry Questionnaire short scale (NARQ-S; Leckelt
et al., 2018), with ratings ranging from 1 (not agree at all)
to 6 (agree completely). Users were finally asked to indicate
whether they had answered all questions honestly and to
provide the Instagram names or email addresses of up to
three potential informants who knew them well. In total,
292 of the contacted Instagram users completed the self-
report online questionnaire, 165 of whom named one or
more informants.

Informants were contacted via Instagram direct mes-
sages or email with a description of the study's purpose
and a link to an informant online questionnaire. For 119
Instagram users, one of the informants they had identified
completed a third-person version of the same Big Five, self-
esteem, and narcissism items used for the self-reports.*
Self-report and informant-report data for 17 Instagram
users were excluded from all further analyses because
the Instagram users were younger than 18years or were
psychology students at the University of Mainz, Germany,
where the observer sample was recruited. All analyses are
reported for this final sample of 102 Instagram users (76
women, 25 men, 1 third gender) with a mean age of 22.92
(SD = 3.38) years.

Informant reports by 102 informants (79 women,
23 men; Mage = 23.04, SD = 4.31) were completed 3.92
(SD = 5.44) days, on average, after the Instagram users'
self-reports. Informants had known the Instagram users
for an average of 110.16 (SD = 81.60, Mdn = 100.00)
months and reported knowing them quite well (M = 4.68,
SD = 0.66) on a scale ranging from 1 (not well) to 5 (very
well). Of the informants, 70 (68.6%) reported being a
friend, 17 (16.7%) a partner, 13 (12.7%) a family member,
and two (2.0%) another kind of acquaintance (work col-
league, incidental acquaintance).’

3.2 | Screenshots of Instagram profiles

After the Instagram users had completed the self-reports,
screenshots of their Instagram profiles were saved by one
of the authors to ensure that all observers would view the
same unaltered profiles. Screenshots included the profile
picture, username, total number of posts, numbers of fol-
lowers and accounts followed, and if available, profile
name (i.e., bold text below the profile picture), Instagram
bio (i.e., written description up to 150 characters), and
story highlights (i.e., icons marking one or several stories

that can be viewed permanently) at the top of the pro-
file as well as up to a maximum of 102 images. The total
number of Instagram posts for each of the 102 Instagram
users ranged from three to 1,317 posts (M = 151.66,
Mdn = 76.50, SD = 214.15). To reduce observers' rating ef-
forts, we limited the number of posts to a maximum of the
newest 100 posts (Reece & Danforth, 2017). However, be-
cause Instagram's design employs a grid layout with three
images in each row, screenshots of an account holder's
profile included up to 102 posts (a maximum of 34 lines
with three images side by side), which included icons
marking “video” uploads and “multiple posts” (i.e., up to
10 images or videos can be uploaded at one time) in the
image visible in the screenshot.

3.3 | Cue measures

The selection of cues assessed in this study was based
on previous work (e.g., Barry et al, 2017; Barry,
McDougall, et al,, 2019; Borkenau & Liebler, 1992;
Buffardi & Campbell, 2008; Christofides et al., 2009;
Cooper et al., 2020; Ferwerda et al., 2016; Ferwerda &
Tkalcic, 2018; Hu et al., 2014; Kaurin et al., 2018; Kim &
Kim, 2018, 2019; Kim et al., 2021; Naumann et al., 2009;
McCain & Campbell, 2018; Mehdizadeh, 2010; Moon
et al., 2016; Qiu et al., 2015; Stopfer et al., 2014; Vander
Molen et al., 2018; Vazire et al., 2008; Wilson et al., 2012)
and discussions in the research group following initial ob-
servations of targets’ Instagram profiles (see Table 1, for an
overview, and Tables S3 and S4 in the online Supporting
Information).

For cue assessment, screenshots of the 102 Instagram
profiles were edited to include either (a) the top of the
profile only (i.e., profile picture, username; if available,
the profile name, bio, and story highlight icons) or (b)
the Instagram posts without the top of the profile. Twelve
cues were objectively retrieved or counted by one female
research assistant: five cues based on the top of the profile
only and seven cues based on the Instagram posts only. The
cue “profile photo shows user's face” was coded as 0 (no) or
1 (yes). The number of posts in the Instagram screenshots
did not differ by more than 2 SDs from the average number
of posts for any of the 102 targets (see Table 1, M = 66.40,
SD = 33.75), and the number of posts in the screenshots
was significantly correlated with users' total number of
posts (r = .51, p<.001). Additionally, 12 cues were rated by
two independent trained cue coders (two female research
assistants) on a scale ranging from 1 (not at all) to 6 (very
much) on the basis of Instagram posts only. Cronbach's al-
phas for cue ratings ranged from .66 (“Aesthetic posts”)
to .81 (“Sexiness”; mean a = .74, SD = 0.12). Cue rat-
ings were averaged across the two cue coders and were
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TABLE 1 Descriptive statistics and reliabilities of individual cues and respective cue aggregates

Cues and respective cue
aggregates

Objectively retrieved and counted cues

Instagram activity
Number of followers

Number of accounts
followed

Number of lines
Instagram bio

Number of story highlight

icons

Profile photo shows user's

face

Number of posts in
screenshot

Number of multiple posts

icons

Number of video icons

Number of posts with user
Number of posts of others

Number of posts without

people

Number of posts with
embedded text

Cues rated by independent trained cue coders

Aesthetic professional
posts

Aesthetic posts

Professional photo quality

Diverse private posts
Diversity of posts
Disclosed privacy

Colorful active positive
posts

Colorfulness of posts
Outside photos
Activity level

Positive affect

Min

96.0
55.0

3.0

oS © © o

1.5
1.0

1.0
1.0

1.0
1.0
1.0
1.0

Max

31,000.0
7,485.0

10.0

7.0

1.0

102.0

35.0

17.0
102.0
80.0
76.0

75.0

6.0
6.0

6.0
5.5

5.5
6.0
5.5
5.5

Self-promotional appearance-focused posts

Self-promotion
Physical attractiveness
Sexiness

Refined fashionable
appearance

1.0
1.0
1.0
1.0

6.0
6.0
6.0
6.0

Mdn

441.00
393.50

2.00

1.00

1.00

73.00

3.50

1.00
36.50
9.50
10.00

3.50
3.50

3.50
3.50

3.50
4.25
3.50
3.50

3.50
3.50
3.50
3.50

1,570.90
517.10

2.82

2.21

0.86

66.40

5.31

2.19
40.17
13.85
18.75

1.65

3.42
3.61

3.40
3.34

3.58
421
3.37
3.44

3.56
3.51
3.47
3.58

SD

3,853.50
751.83

2.12

2.61

0.35

33.75

6.28

3.61
28.52
12.98
20.93

8.37

1.01
1.03

0.94
1.01

0.86
1.06
0.94
0.90

1.04
0.96
1.04
1.07

.75
obj.
obj.

count

count

count

obj.

obj.

obj.
count
count

count

count

77

.66
.78
71
72
.76
72

.67
.73
.67
.73
.87
.73
.80
.81
.78

WI LEYL

Source

Top
Top

Top
Top
Top
Posts
Posts

Posts
Posts
Posts

Posts

Posts

Posts

Posts

Posts

Posts

Posts
Posts
Posts

Posts

Posts
Posts
Posts

Posts

Note: Cues were either objectively (obj.) retrieved from the 102 Instagram profiles, counted (count) by one research assistant, or rated on a scale ranging from

1 (not at all) to 6 (very much) by two trained research assistants on the basis of the Instagram user

I G

s “top”

of the profile or Instagram “posts” only. The cue

“profile photo shows user's face” was binary coded as 0 (no) or 1 (yes). Alphas of cues reflect the degree of interobserver agreement between the cue coders.
Ratings were averaged across the number of trained cue coders, and z-standardized cue values were aggregated for the respective cue aggregates (in bold).

Alphas for the cue aggregates reflect the level of correspondence between the cues and the respective cue aggregate.
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z-standardized. In addition, z-standardized cue values
were aggregated on the basis of theoretical reasons and
results from principal component analyses (see Tables S3
and S4 in the online Supporting Information) to form five
cue aggregates reflecting Instagram activity, aesthetic pro-
fessional posts, diverse private posts, colorful active posi-
tive posts, and self-promotional appearance-focused posts
(for alpha coefficients of cue aggregates, see Table 1).°
The mean intercorrelation of cue aggregates was r = .28
(SD =0.21).

3.4 | Observer ratings

Observers were 100 psychology students from the
University of Mainz, Germany who participated in a
laboratory session (up to 10 participants on individual
personal computers separated by privacy shields) in ex-
change for research participation credit. One observer
did not report demographic information. Observers
(83 women, 15 men, 1 third gender) had a mean age of
23.94 (SD = 4.62) years, and 71% of the observers indi-
cated using Instagram themselves. Those who did not
use Instagram still knew the platform and its layout.
Observers gave written informed consent and read a
list of definitions of the personality traits to be judged,
including descriptions of low and high levels of the re-
spective trait manifestations. All 100 observers viewed
all 102 Instagram users' screenshots in a fixed random
order, one profile after another, without time limita-
tions. Observers rated Instagram users’ personality
traits on a paper-and-pencil questionnaire, taking, on
average, approximately 2.5 h to rate all 102 Instagram

profiles. The Big Five personality traits (in this order:
emotional stability, extraversion, openness, agreeable-
ness, and conscientiousness), self-esteem, and narcis-
sism were all rated on single-item scales naming the
respective trait and ranging from 1 (very weak mani-
festation) to 7 (very strong manifestation). Ratings were
excluded from all analyses if observers reported that
they knew an Instagrammer. This occurred in a total
of 10 cases.

4 | RESULTS

4.1 | Descriptive statistics

Table 2 presents descriptive statistics for Instagram users'
self-reported personality traits (for self-reported Instagram
use, see paragraph on p. 1 in the online Supporting
Information), informant reports of users' traits, self-
informant composites, self-informant correlations, and
descriptive statistics for observer judgments. Reliabilities
(Cronbach's alphas) of users' self-reports ranged from .56
(agreeableness) to .84 (extraversion). For informant re-
ports, reliabilities ranged from .56 (narcissism) to .86 (ex-
traversion). Self- and informant reports of Instagram users'
personality traits were aggregated to form self-informant
composites. Self-informant correlations for the personal-
ity traits ranged from r = .58 (p<.001; extraversion) to
r = .33 (p<.001; narcissism; see Table 2; mean r = .46,
p<.001, SD = 0.10; for intercorrelations of self-reports, in-
formant reports, self-informant composites, and observer
judgments, see Tables S5 and S6 in the online Supporting
Information).”

TABLE 2 Descriptive statistics for self- and informant-reported personality traits of Instagram users, self-informant composites, and

self-informant correlations, and descriptive statistics of observer judgments

Self-
informant Self-informant Observer
Self-report Informant report composite correlation judgments

Traits M SD o M SD o M SD r (p) M SD
Emotional stability 3.82 1.38 0.77 4.23 1.24 0.63 4.02 1.10 .42 (<.001) 4.30 0.50
Extraversion 5.52 1.15 0.84 5.73 1.20 0.86 5.62 1.04 .58 (<.001) 4.54 0.71
Openness 5.63 0.82 0.70 5.45 0.96 0.70 5.54 0.76 .45 (<.001) 4.73 0.76
Agreeableness 5.55 0.96 0.56 5.68 1.14 0.77 5.62 0.88 .41 (<.001) 4.62 0.63
Conscientiousness 5.11 0.98 0.64 5.58 0.99 0.66 5.35 0.86 .52 (<.001) 4.57 0.70
Self-esteem 0.00 0.78 0.77 0.00 0.75 0.73 0.00 0.66 .48 (<.001) 4.86 0.53
Narcissism 2.12 0.74 0.69 2.88 0.72 0.56 2.50 0.59 .33 (<.001) 2.74 0.86

Note: Nyeig = 102, Niptormants = 102, Nyelf.informant composite = 102, Nopgervers = 100. Big Five items were rated on a scale ranging from 1 to 7, self-esteem was averaged

s

across z-standardized items with different response scales, and narcissism items were rated on a scale ranging from 1 to 6. The self-informant composite was
calculated as the average of self-reports and the informant reports. Significant self-informant correlations are in bold. Observer judgments were given on a scale

ranging from 1 to 7. All p-values are two-tailed.
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4.2 | Personality expression
For personality expression correlations (i.e., cues' associa-
tions with Instagram users' personality traits; cue validi-
ties), we correlated targets’ personality criteria separately
for each trait with Instagram users' cue values for the 24
individual cues and five cue aggregates, respectively. We
log-transformed the cue values for the 12 objectively re-
trieved and counted cues reflecting Instagram activity to
account for skewed distributions before computing the
cue correlations. Table 3 (first three lines) presents the
cue validity correlations with self-ratings, informant re-
ports, and self-informant composite scores for the cue ag-
gregates. As we conducted a large number of exploratory
analyses, we focus on the directions of associations and
overall trends across personality criteria for the five cue
aggregates (for cue validity correlations for the individual
cues, see Table S7 in the online Supporting Information).
Across all three personality criteria, extraversion,
openness, and narcissism were significantly positively
linked with Instagram activity. Openness was also pos-
itively correlated with aesthetic professional posts and
more diverse private posts across all three personality cri-
teria. Self-ratings, informant reports, and self-informant
composite scores for extraversion were significantly pos-
itively associated with Instagram users' diverse private
posts and colorful active positive posts. None of targets'
personality criteria for the Big Five traits, self-esteem, or
narcissism (except for the self-informant composite) were
significantly correlated with the cue aggregate reflecting
self-promotional appearance-focused posts of Instagram
users (all ps>.05).

4.3 | Impression formation
Correlations reflecting impression formation processes
(i.e., cues’ associations with observers' personality judg-
ments; cue utilizations) were computed by correlating the
aggregated judgments of the 100 observers separately for
each personality trait with Instagram users' cue values for
individual cues and cue aggregates. For the 12 objectively
retrieved and counted cues, we used log-transformed cue
values to compute cue utilization correlations. Cue utili-
zation correlations are presented for the cue aggregates
in the fourth line of Table 3. Due to the large number of
exploratory analyses, we focus on cue utilization results
for cue aggregates (for cue utilization correlations for
individual cues, see Table S7 in the online Supporting
Information).

Observers' extraversion judgments were positively
correlated with four of the five cue aggregates (not aes-
thetic professional posts). Similarly, openness judgments

were positively linked to four cue aggregates (not self-
promotional appearance-focused posts). Agreeableness
judgments were positively correlated with cue aggregates
reflecting diverse private posts and colorful active posi-
tive posts and negatively correlated with self-promotional
appearance-focused posts. Judgments of emotional sta-
bility were linked to colorful active positive posts, and
conscientiousness judgments were linked to aesthetic
professional posts. Observers' judgments of self-esteem
and narcissism were both positively correlated with the
cue aggregates Instagram activity, aesthetic professional
posts, and self-promotional appearance-focused posts. In
addition, self-esteem judgments were positively linked to
Instagram users' colorful active positive posts, and narcis-
sism judgments were negatively correlated with diverse
private posts.

4.4 | Consensus and accuracy of
observers’ personality judgments

Table 4 presents observer judgment consensus values,
which were computed using intraclass correlations
(Shrout & Fleiss, 1979) for the averaged observer, ICC(2,
k), and for the single observer, ICC(2, 1). In addition,
Table 4 presents correlations of self-reports, inform-
ant reports, and self-informant composites with both
averaged-observer and single-observer judgments based
on screenshots of targets' Instagram accounts. That is, for
averaged-observer accuracy results, we correlated the ag-
gregated personality judgments of the 100 observers with
the personality criteria of Instagram users' Big Five traits,
self-esteem, and narcissism. The averaged-observer judg-
ments corresponded significantly with targets’ self-reports
for five of the seven traits (the exceptions were agreeable-
ness and conscientiousness; see Table 4). For all of the
Big Five traits, self-esteem, and narcissism, informant
ratings significantly converged with averaged observers'
zero-acquaintance personality judgments of the respec-
tive traits. Similarly, averaged observer judgments signifi-
cantly corresponded with self-informant composites for
all the personality traits, and the correlations ranged from
r = .25 (p = .013) for conscientiousness to r = .44 for ex-
traversion (p <.001; for correlations of personality criteria
with averaged observer judgments across all personality
traits, see Table S8 in the online Supporting Information).
Single-observer accuracy results were obtained by cor-
relating each individual observer's personality ratings of
the Instagram users with the respective personality cri-
teria separately for each trait, which were then averaged
to attain an understanding of the typical observer's level
of accuracy (see Table 4). To test each of these mean cor-
relations against zero, we computed one-sample ¢ tests
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indicative of Instagram users' personality criteria. Our
approach to cue assessment was theoretically driven and
comprehensive, yet it could be the case that Instagram
accounts contained other relevant or very subtle cue in-
formation or that nonlinear or specific combinatory cue
effects that were not captured in the present study were
indicative of these traits (Cannata et al., 2022; Cooper
et al., 2020; Hinds & Joinson, 2019). In sum, the revealed
cue-based personality expression and perception pro-
cesses pertain to one time point and might not replicate in
future data, and they do not reflect temporal cue aspects
or the extent to which Instagram cues are indicative of
personality traits over time (Bleidorn et al., 2017).

We also found that observers substantially agreed in
their judgments of unacquainted Instagram users (con-
sensus) and that zero-acquaintance personality judgments
converged with users’ actual Big Five traits, self-esteem,
and narcissism (Question 3). Our results are in line with
meta-analytic findings of significant consensus for all
Big Five traits and the highest levels of self-other agree-
ment for extraversion based on SNS profiles (Tskhay &
Rule, 2014) and prior work showing that openness can
be judged quite accurately from social media platforms
(e.g., Back et al., 2010; Stopfer et al., 2014). Extending
previous work by Barry, McDougall, et al. (2019), we
found that self-esteem and narcissism judgments based
on Instagram accounts converged significantly with
Instagram users' personality self-reports, informant rat-
ings, and self-informant composite scores of these traits.
Emotional stability was surprisingly accurately judged in
our study compared with meta-analytic results and zero-
acquaintance contexts in general (Connelly & Ones, 2010;
Tskhay & Rule, 2014). Instagram’s visual nature, en-
couraging users to upload appearance-focused images
(Vandenbosch et al., 2021), constitutes a context that mo-
tivates positive self-expression, which may facilitate accu-
rate personality judgments (Human et al., 2012) of certain
traits (e.g., emotional stability).

Our research has some limitations. First, our study in-
cluded a self-selection approach and only a small number
of Instagram users from one country (Germany) and thus
cannot be generalized to Instagram users worldwide. To
reduce the survey burden for Instagram users, we focused
on the Big Five traits, self-esteem, and narcissism, even
though other aspects of personality may have influenced
both users’ Instagram activity and posts and observers'
personality judgments. To ensure that all observers used
the same information to judge users' personality traits, we
used static screenshots; however, this meant that dynamic
Instagram account elements (e.g., videos, hashtags, com-
ments) that might be relevant to impression formation
were omitted. Using screenshots also prevented observers
from clicking on certain posts to take a closer look, liking

posts, or following users, all of which might be relevant
for impression formation (e.g., Waggoner et al., 2009).
The analyzed Instagram contents cover a limited time pe-
riod and do not capture dynamics of Instagram use and
perceptions of users which may change over time (e.g.,
in response to cultural, societal, or environmental influ-
ences) and with evolving Instagram features (e.g., Leaver
et al., 2020). Further, the behavioral components reflect
the interconnections of individual cues within our sample
and may not replicate in future studies. For example, the
“diverse private posts” component might not be empiri-
cally meaningful in samples of specific types of users (e.g.,
influencers, business accounts) that share a great amount
of information which is not very personal.

Whereas static Instagram images conveyed trait-related
information, future research could include the richness
and temporal qualities of videos on Instagram, which may
allow for even more insights into personality expression
and impression formation. Future studies should also ac-
count for active processes in online impression formation
by examining cue processes and accuracy for observers
who are able to dynamically engage (i.e., actively choose
the type and amount of information) when making per-
sonality judgments based on Instagram accounts. It would
be fruitful to examine whether viewers' own trait mani-
festations (e.g., high levels of narcissism) might influence
impression formation and the accuracy of personality im-
pressions based on Instagram and how this might affect
intentions to follow certain Instagram users or posts. As
the extent to which behaviors indicate an individual's trait
may depend on the situation (Letzring & Funder, 2021),
future research would benefit from studying personality
expression, impression formation, and accuracy for the
same sample of targets across several situations, including
not only Instagram accounts but also other online contexts
and their appearances and behaviors in the lab and in real-
life situations (Kaurin et al., 2018) to connect knowledge
about personality in online and offline contexts.

In addition, future studies on cue processes and the
accuracy of personality judgments based on Instagram
could be complemented by advances in Big Data, ma-
chine learning, and personality computing approaches
(i.e., technologies dealing with human personality;
Phan & Rauthmann, 2021; Stachl et al., 2021). Cannata
et al. (2022) proposed how such an integrative approach,
combining accuracy and personality computing research,
can overcome current limitations in answering open key
questions and addressing important challenges of each of
the disciplines. Challenges for future psychological work
on personality expression and impression formation in-
clude, for example, detecting objectively relevant new
cues and capturing complexity in behavioral cues and
judgments. Features automatically extracted from visual
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content uploaded on Instagram could be compared with
theoretically derived and human-coded cues with re-
gard to their validity (i.e., indicativeness) for personality
traits (Cannata et al., 2022), and the accuracy of human
judgments could be compared with computer-based per-
sonality judgments (Hinds & Joinson, 2019) to advance
knowledge about personality.

6 | CONCLUSION

In our study, we examined relationships between charac-
teristics of Instagram activity and uploaded images with
Instagram users' (self- and informant-reported) person-
ality traits and with observers' zero-acquaintance per-
sonality judgments based on Instagram accounts only.
Our findings give insight into various aspects of online
self-portrayal and online impression formation. Future
research should continue to illuminate the mechanisms
of trait expression, accuracy, and consequences of first im-
pressions based on online photo-sharing platforms.
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ENDNOTES

! Video-sharing functionality was added to Instagram's image-
focused design in 2013 and Instagram stories (i.e., posts that are
deleted after 24h) in 2016. Upon creating an Instagram account,
one can upload and edit various features, including a username,
profile picture, bio (i.e., a brief written description), and story
highlights (marking one or several stories that can be viewed per-
manently) at the top of the profile and all posted images and vid-
eos below (for an overview of Instagram features, see Meta, 2022).

The Realistic Accuracy Model (RAM, Funder, 1999; Letzring &
Funder, 2021) broke down lens model processes into a four-stage
process necessary to achieve accurate personality judgments and
has described four moderators of accuracy pertaining to aspects of
the judge, target, information, and trait being judged.

N}

w

Please note that the lens model, which is not a psychological the-
ory per se, is used in our study as a conceptual framework (a) to
structure and narrate these descriptive findings and (b) to enable
future dialogue and collaborations between researchers studying
personality research on human-human trait judgments and per-
sonality computing.

I

For one of the 119 Instagram users, a second informant report was
available. We chose to include only one informant report to keep the
results comparable to the other users; here, we included only the
report from the informant who had known this user the longest.

w

As we assessed one informant report per target and subsamples
of informant types were of different sizes (see Tables S1 and S2 in
the online Supporting Information) because targets appointed in-
formants themselves, our data are not very well-suited for analyz-
ing the influence of informant types (for detailed accounts of how
information quantity and quality and the specific relationship be-
tween the target and judge can influence accuracy, see Beer, 2021;
Letzring & Funder, 2021; for meta-analytic evidence on how ac-
curacy for specific traits differed across acquaintance types, see
Connelly & Ones, 2010).

o

For Instagram activity, we included two cues with very low loadings
(i.e., profile photos shows user's face, number of posts with embed-
ded text) into a more comprehensive cue aggregate in terms of con-
tent for theoretical reasons. Values for the cue aggregate computed
with versus without the two cues correlated r = .97 (p <.001). The
two cue aggregate versions did not differ substantially in terms of
alphas (.75vs. .78), and cue validity correlations and cue utilization
correlations computed for the cue aggregate without the two cues
were almost identical to the results reported in the paper.

<9

Throughout the article, correlations were averaged using Fisher's
r-to-z transformation.

%

Influences other than cue processes, such as observers' utilization
of valid stereotypes (instead of observable cues, see, e.g., Gosling
et al., 2002), can affect trait accuracy.

95UB017 SUOWIWOD SA 181D 8|deot[dde aup Ag peusencb a.1e sejolLie YO ‘9SN Jo Sojni o} AkeuqiT8UIIUQ A8]I/ UO (SUONIPL0D-pUEe-SWBI Lo A3 1M Areiq1jeuljuo//SAny) SUONIPUOD pue SWi | 81 88S "[£202/T0/9z] Uo Akeidiauljuo AIm ‘Zur N SeuiolqigsieIseAlIN Aq 96/ZT AdOlTTTT OT/I0p/wW00 A8 1M AeIqpuljuD//:Scny Wouy pepeojumod ‘0 ‘v6r9.97T


https://osf.io/59fud
https://orcid.org/0000-0002-6405-1160
https://orcid.org/0000-0002-6405-1160
https://orcid.org/0000-0001-5317-8708
https://orcid.org/0000-0001-5317-8708
https://orcid.org/0000-0002-5736-9912
https://orcid.org/0000-0002-5736-9912

il—Wl LEY

OSTERHOLZ ET AL.

REFERENCES

Azucar, D., Marengo, D., & Settanni, M. (2018). Predicting the Big
5 personality traits from digital footprints on social media: A
meta-analysis. Personality and Individual Differences, 124, 150—
159. https://doi.org/10.1016/j.paid.2017.12.018

Back, M. D., & Nestler, S. (2016). Accuracy of judging person-
ality. In J. A. Hall, M. Schmid Mast, & T. V. West (Eds.), The
social psychology of perceiving others accurately (pp. 98-124).
Cambridge University Press. https://doi.org/10.1017/CBO97
81316181959.005

Back, M. D., Stopfer, J. M., Vazire, S., Gaddis, S., Schmukle, S. C.,
Egloff, B., & Gosling, S. D. (2010). Facebook profiles reflect ac-
tual personality, not self-idealization. Psychological Science, 21,
372-374. https://doi.org/10.1177/0956797609360756

Back, M. D., & Vazire, S. (2012). Knowing our personality. In S.
Vazire & T. D. Wilson (Eds.), Handbook of self knowledge (pp.
131-156). Guilford.

Barry, C. T., Doucette, H., Loflin, D. C., Rivera-Hudson, N., &
Herrington, L. L. (2017). “Let me take a selfie”: Associations be-
tween self-photography, narcissism, and self-esteem. Psychology
of Popular Media Culture, 6, 48-60. https://doi.org/10.1037/
ppm0000089

Barry, C. T., McDougall, K. H., Anderson, A. C., Perkins, M. D., Lee-
Rowland, L. M., Bender, I., & Charles, N. E. (2019). ‘Check your sel-
fie before you wreck your selfie’: Personality ratings of Instagram
users as a function of self-image posts. Journal of Research in
Personality, 82, 103843. https://doi.org/10.1016/j,jrp.2019.07.001

Barry, C. T., Reiter, S. R., Anderson, A. C., Schoessler, M. L., & Sidoti,
C. L. (2019). “Let me take another selfie”: Further examina-
tion of the relation between narcissism, self-perception, and
Instagram posts. Psychology of Popular Media Culture, 8, 22-33.
https://doi.org/10.1037/ppm0000155

Beer, A. (2021). Information as a moderator of accuracy in per-
sonality judgment. In T. D. Letzring & J. S. Spain (Eds.), The
Oxford handbook of accurate personality judgment (pp. 132-
148). Oxford University Press. https://doi.org/10.1093/oxfor
dhb/9780190912529.013.9

Bleidorn, W., Hopwood, C. J., & Wright, A. G. C. (2017). Using
big data to advance personality theory. Current Opinion in
Behavioral Sciences, 18, 79-82. https://doi.org/10.1016/].
cobeha.2017.08.004

Borkenau, P., & Liebler, A. (1992). Trait inferences: Sources of
validity at zero acquaintance. Journal of Personality and
Social Psychology, 62, 645-657. https://doi.org/10.1037/002
2-3514.62.4.645

Breil, S. M., Osterholz, S., Nestler, S., & Back, M. D. (2021).
Contributions of nonverbal cues to the accurate judgment of
personality traits. In T. D. Letzring & J. S. Spain (Eds.), The
Oxford handbook of accurate personality judgment (pp. 195-
218). Oxford University Press. https://doi.org/10.1093/oxfor
dhb/9780190912529.013.13

Brunswik, E. (1956). Perception and the representative design of psy-
chological experiments. University of California Press.

Buffardi, L. E., & Campbell, W. K. (2008). Narcissism and social net-
working web sites. Personality and Social Psychology Bulletin,
34,1303-1314. https://doi.org/10.1177/0146167208320061

Cannata, D., Breil, S. M., Lepri, B., Back, M. D., & O'Hora, D. (2022).
Toward an integrative approach to nonverbal personality de-
tection: Connecting psychological and artificial intelligence

research. Technology, Mind, and Behavior, 3(2: Summer 2022).
https://doi.org/10.1037/tmb0000054

Christofides, E., Muise, A., & Desmarais, S. (2009). Information
disclosure and control on Facebook: Are they two sides of
the same coin or two different processes? Cyberpsychology &
Behavior, 12, 341-345. https://doi.org/10.1089/cpb.2008.0226

Connelly, B. S., & Ones, D. S. (2010). An other perspective on person-
ality: Meta-analytic integration of observers' accuracy and pre-
dictive validity. Psychological Bulletin, 136, 1092-1122. https://
doi.org/10.1037/20021212

Cooper, A. B., Blake, A. B., Pauletti, R. E., Cooper, P. J., Sherman, R.
A., & Lee, D. 1. (2020). Personality assessment through the situ-
ational and behavioral features of Instagram photos. European
Journal of Psychological Assessment, 36, 959-972. https://doi.
org/10.1027/1015-5759/2000596

Dean, B. (2022, January 5). Instagram demographic statistics: How
many people use Instagram in 2022? Backlinko https://backl
inko.com/instagram-users

Donnellan, M. B., Trzesniewski, K. H., & Robins, R. W. (2011). Self-
esteem: Enduring issues and controversies. In T. Chamorro-
Premuzic, S. von Stumm, & A. Furnham (Eds.), The Wiley-
Blackwell handbook of individual differences (pp. 718-746).
Wiley Blackwell.

Faelens, L., Hoorelbeke, K., Cambier, R., van Put, J., Van de Putte,
E., De Raedt, R., & Koster, E. H. W. (2021). The relationship
between Instagram use and indicators of mental health: A
systematic review. Computers in Human Behavior Reports, 4,
100121. https://doi.org/10.1016/j.chbr.2021.100121

Ferwerda, B., Schedl, M., & Tkalcic, M. (2016). Using Instagram
picture features to predict users' personality. In Q. Tian, N.
Sebe, G. J. Qi, B. Huet, R. Hong, & X. Liu (Eds.), MultiMedia
modeling (pp. 850-861). Lecture Notes in Computer Science,
9516. Springer International. https://doi.org/10.1007/978-3-
319-27671-7_71

Ferwerda, B., & Tkalcic, M. (2018). You are what you post: What the
content of Instagram pictures tells about users' personality. In
The 23rd International on Intelligent User Interfaces, March 7-
11, Tokyo, Japan.

Funder, D. C. (1999). Personality judgment: A realistic approach to
person perception. Academic Press.

Funder, D. C. (2012). Accurate personality judgment. Current
Directions in Psychological Science, 21, 177-182. https://doi.
0rg/10.1177/0963721412445309

Gerlitz, J. Y., & Schupp, J. (2005). Zur Erhebung der Big-Five-basierten
Personlichkeitsmerkmale im SOEP [The measurement of the Big
Five personality traits in the SOEP]. DIW Berlin (DIW Research
Note 4/2005).

Gnambs, T., & Appel, M. (2018). Narcissism and social networking
behavior: A meta-analysis. Journal of Personality, 86, 200-212.
https://doi.org/10.1111/jopy.12305

Gosling, S. D., Ko, S. J., Mannarelli, T., & Morris, M. E. (2002). A
room with a cue: Personality judgments based on offices and
bedrooms. Journal of Personality and Social Psychology, 82,
379-398. https://doi.org/10.1037/0022-3514.82.3.379

Hahn, E., Gottschling, J., & Spinath, F. M. (2012). Short measure-
ments of personality—Validity and reliability of the GSOEP Big
Five inventory (BFI-S). Journal of Research in Personality, 46,
355-359. https://doi.org/10.1016/].jrp.2012.03.008

Harris, E., & Bardey, A. C. (2019). Do Instagram profiles accurately
portray personality? An investigation into idealized online

95UB017 SUOWIWOD SA 181D 8|deot[dde aup Ag peusencb a.1e sejolLie YO ‘9SN Jo Sojni o} AkeuqiT8UIIUQ A8]I/ UO (SUONIPL0D-pUEe-SWBI Lo A3 1M Areiq1jeuljuo//SAny) SUONIPUOD pue SWi | 81 88S "[£202/T0/9z] Uo Akeidiauljuo AIm ‘Zur N SeuiolqigsieIseAlIN Aq 96/ZT AdOlTTTT OT/I0p/wW00 A8 1M AeIqpuljuD//:Scny Wouy pepeojumod ‘0 ‘v6r9.97T


https://doi.org/10.1016/j.paid.2017.12.018
https://doi.org/10.1017/CBO9781316181959.005
https://doi.org/10.1017/CBO9781316181959.005
https://doi.org/10.1177/0956797609360756
https://doi.org/10.1037/ppm0000089
https://doi.org/10.1037/ppm0000089
https://doi.org/10.1016/j.jrp.2019.07.001
https://doi.org/10.1037/ppm0000155
https://doi.org/10.1093/oxfordhb/9780190912529.013.9
https://doi.org/10.1093/oxfordhb/9780190912529.013.9
https://doi.org/10.1016/j.cobeha.2017.08.004
https://doi.org/10.1016/j.cobeha.2017.08.004
https://doi.org/10.1037/0022-3514.62.4.645
https://doi.org/10.1037/0022-3514.62.4.645
https://doi.org/10.1093/oxfordhb/9780190912529.013.13
https://doi.org/10.1093/oxfordhb/9780190912529.013.13
https://doi.org/10.1177/0146167208320061
https://doi.org/10.1037/tmb0000054
https://doi.org/10.1089/cpb.2008.0226
https://doi.org/10.1037/a0021212
https://doi.org/10.1037/a0021212
https://doi.org/10.1027/1015-5759/a000596
https://doi.org/10.1027/1015-5759/a000596
https://backlinko.com/instagram-users
https://backlinko.com/instagram-users
https://doi.org/10.1016/j.chbr.2021.100121
https://doi.org/10.1007/978-3-319-27671-7_71
https://doi.org/10.1007/978-3-319-27671-7_71
https://doi.org/10.1177/0963721412445309
https://doi.org/10.1177/0963721412445309
https://doi.org/10.1111/jopy.12305
https://doi.org/10.1037/0022-3514.82.3.379
https://doi.org/10.1016/j.jrp.2012.03.008

OSTERHOLZ ET AL.

WILEY-2

self-presentation. Frontiers in Psychology,10, 871. https://doi.
org/10.3389/fpsyg.2019.00871

Hinds, J.,, & Joinson, A. (2019). Human and computer per-
sonality prediction from digital footprints. Current
Directions in Psychological Science, 28, 204-211. https://doi.
0rg/10.1177/0963721419827849

Hogan, R., & Blickle, G. (2018). Socioanalytic theory: Basic concepts,
supporting evidence and practical implications. In V. Zeigler-
Hill & T. K. Shackelford (Eds.), The SAGE handbook of person-
ality and individual differences (pp. 110-129). Sage Reference.
https://doi.org/10.4135/9781526451163.n5

Hu, Y., Manikonda, L., & Kambhampati, S. (2014). What we
Instagram: A first analysis of Instagram photo content and user
types. Proceedings of the Eighth International AAAI Conference
on Weblogs and Social Media (pp. 595-598), Ann Arbor, MI,
June 1-4.

Huang, C. (2019). Social network site use and Big Five personality
traits: A meta-analysis. Computers in Human Behavior, 97, 280—
290. https://doi.org/10.1016/j.chb.2019.03.009

Human, L. J., Biesanz, J. C., Parisotto, K. L., & Dunn, E. W. (2012).
Your best self helps reveal your true self: Positive self-
presentation leads to more accurate personality impressions.
Social Psychological and Personality Science, 3, 23-30. https://
doi.org/10.1177/1948550611407689

Instagram(2021, December 13). The 2022 Instagram Trend Report.
https://about.instagram.com/blog/announcements/instagram-
trends-2022

John, O. P., Naumann, L. P., & Soto, C. J. (2008). Paradigm shift to the
integrative Big Five trait taxonomy: History, measurement, and
conceptual issues. In O. P. John, R. W. Robins, & L. A. Pervin
(Eds.), Handbook of personality: Theory and research (pp. 114—
158). Guilford Press.

John, O. P., & Srivastava, S. (1999). The Big Five trait taxonomy:
History, measurement, and theoretical perspectives. In L. A.
Pervin & O. P. John (Eds.), Handbook of personality: Theory and
research (2nd ed., pp. 102-138). Guilford Press.

Kaurin, A., Heil, L. F., Wessa, M., Egloff, B., & Hirschmiiller, S.
(2018). Selfies reflect actual personality—Just like photos
or short videos in standardized lab conditions. Journal of
Research in Personality, 76, 154-164. https://doi.org/10.1016/j.
jrp.2018.08.007

Kenny, D. A. (1994). Interpersonal perception: A social relations anal-
ysis. Guilford Press.

Kim, J. H., & Kim, Y. (2019). Instagram user characteristics and the
color of their photos: Colorfulness, color diversity, and color
harmony. Information Processing & Management, 56, 1494—
1505. https://doi.org/10.1016/j.ipm.2018.10.018

Kim, Y., & Kim, J. H. (2018). Using computer vision techniques on
Instagram to link users' personalities and genders to the features
of their photos: An exploratory study. Information Processing
& Management, 54, 1101-1114. https://doi.org/10.1016/].
ipm.2018.07.005

Kim, Y., Nan, D., & Kim, J. H. (2021). Exploration of the relation-
ships among narcissism, life satisfaction, and loneliness of
Instagram users and the high- and low-level features of their
photographs. Frontiers in Psychology, 12, 707074. https://doi.
org/10.3389/fpsyg.2021.707074

Krzyzaniak, S. L., & Letzring, T. D. (2021). Characteristics of
traits that are related to accuracy of personality judgments.

In T. D. Letzring & J. S. Spain (Eds.), The Oxford handbook
of accurate personality judgment (pp. 119-131). Oxford
University Press. https://doi.org/10.1093/oxfordhb/97801
90912529.013.8

Leaver, T., Highfield, T., & Abidin, C. (2020). Instagram: Visual Social
Media Cultures. Wiley.

Leckelt, M., Wetzel, E., Gerlach, T. M., Ackerman, R. A., Miller,
J. D., Chopik, W. J., Penke, L., Geukes, K., Kiifner, A. C. P,
Hutteman, R., Richter, D., Renner, K.-H., Allroggen, M.,
Brecheen, C., Campbell, W. K., Grossmann, I., & Back, M. D.
(2018). Validation of the Narcissistic Admiration and Rivalry
Questionnaire short scale (NARQ-S) in convenience and repre-
sentative samples. Psychological Assessment, 30, 86-96. https://
doi.org/10.1037/pas0000433

Leiner, D. J. (2019). SoSci Survey (Version 3.1.06) [Computer soft-
ware]. https://www.soscisurvey.de

Letzring, T. D., & Funder, D. C. (2021). The Realistic Accuracy
Model. In T. D. Letzring & J. S. Spain (Eds.), The Oxford
handbook of accurate personality judgment (pp. 9-22). Oxford
University Press. https://doi.org/10.1093/0oxfordhb/97801
90912529.013.2

Liu, D., & Baumeister, R. F. (2016). Social networking online
and personality of self-worth: A meta-analysis. Journal of
Research in Personality, 64, 79-89. https://doi.org/10.1016/].
jrp.2016.06.024

Liu, D., & Campbell, W. K. (2017). The Big Five personality traits, Big
Two metatraits, and social media: A meta-analysis. Journal of
Research in Personality, 70, 229-240. https://doi.org/10.1016/j.
jrp.2017.08.004

McAbee, S. T., & Connelly, B. S. (2016). A multi-rater framework
for studying personality: The trait-reputation-identity model.
Psychological Review, 123, 569-591. https://doi.org/10.1037/
rev0000035

McCain, J. L., Borg, Z. G., Rothenberg, A. H., Churillo, K. M., Weiler,
P., & Campbell, W. K. (2016). Personality and selfies: Narcissism
and the Dark Triad. Computers in Human Behavior, 64, 126-
133. https://doi.org/10.1016/j.chb.2016.06.050

McCain, J. L., & Campbell, W. K. (2018). Narcissism and social
media use: A meta-analytic review. Psychology of Popular Media
Culture, 7, 308-327. https://doi.org/10.1037/ppm0000137

Mehdizadeh, S. (2010). Self-presentation 2.0: Narcissism and
self-esteem on Facebook. Cyberpsychology, Behavior and
Social Networking, 13, 357-364. https://doi.org/10.1089/
cyber.2009.0257

Meta(2022). Your profile. https://help.instagram.com/1101217958
15331/

Miller, J. D., Back, M. D., Lynam, D. R., & Wright, A. G. C. (2021).
Narcissism today: What we know and what we need to learn.
Current Directions in Psychological Science, 30, 519-525. https://
doi.org/10.1177/09637214211044109

Moon, J. H., Lee, E., Lee, J.-A., Choi, T. R., & Sung, Y. (2016). The role
of narcissism in self-promotion on Instagram. Personality and
Individual Differences, 101, 22-25. https://doi.org/10.1016/j.
paid.2016.05.042

Mottus, R., Wood, D., Condon, D. M., Back, M. D., Baumert,
A., Costantini, G., Epskamp, S., Greiff, S., Johnson, W.,
Lukaszewski, A., Murray, A., Revelle, W., Wright, A., Yarkoni,
T., Ziegler, M., & Zimmermann, J. (2020). Descriptive, pre-
dictive and explanatory personality research: Different goals,

95UB017 SUOWIWOD SA 181D 8|deot[dde aup Ag peusencb a.1e sejolLie YO ‘9SN Jo Sojni o} AkeuqiT8UIIUQ A8]I/ UO (SUONIPL0D-pUEe-SWBI Lo A3 1M Areiq1jeuljuo//SAny) SUONIPUOD pue SWi | 81 88S "[£202/T0/9z] Uo Akeidiauljuo AIm ‘Zur N SeuiolqigsieIseAlIN Aq 96/ZT AdOlTTTT OT/I0p/wW00 A8 1M AeIqpuljuD//:Scny Wouy pepeojumod ‘0 ‘v6r9.97T


https://doi.org/10.3389/fpsyg.2019.00871
https://doi.org/10.3389/fpsyg.2019.00871
https://doi.org/10.1177/0963721419827849
https://doi.org/10.1177/0963721419827849
https://doi.org/10.4135/9781526451163.n5
https://doi.org/10.1016/j.chb.2019.03.009
https://doi.org/10.1177/1948550611407689
https://doi.org/10.1177/1948550611407689
https://about.instagram.com/blog/announcements/instagram-trends-2022
https://about.instagram.com/blog/announcements/instagram-trends-2022
https://doi.org/10.1016/j.jrp.2018.08.007
https://doi.org/10.1016/j.jrp.2018.08.007
https://doi.org/10.1016/j.ipm.2018.10.018
https://doi.org/10.1016/j.ipm.2018.07.005
https://doi.org/10.1016/j.ipm.2018.07.005
https://doi.org/10.3389/fpsyg.2021.707074
https://doi.org/10.3389/fpsyg.2021.707074
https://doi.org/10.1093/oxfordhb/9780190912529.013.8
https://doi.org/10.1093/oxfordhb/9780190912529.013.8
https://doi.org/10.1037/pas0000433
https://doi.org/10.1037/pas0000433
https://www.soscisurvey.de
https://doi.org/10.1093/oxfordhb/9780190912529.013.2
https://doi.org/10.1093/oxfordhb/9780190912529.013.2
https://doi.org/10.1016/j.jrp.2016.06.024
https://doi.org/10.1016/j.jrp.2016.06.024
https://doi.org/10.1016/j.jrp.2017.08.004
https://doi.org/10.1016/j.jrp.2017.08.004
https://doi.org/10.1037/rev0000035
https://doi.org/10.1037/rev0000035
https://doi.org/10.1016/j.chb.2016.06.050
https://doi.org/10.1037/ppm0000137
https://doi.org/10.1089/cyber.2009.0257
https://doi.org/10.1089/cyber.2009.0257
https://help.instagram.com/110121795815331/
https://help.instagram.com/110121795815331/
https://doi.org/10.1177/09637214211044109
https://doi.org/10.1177/09637214211044109
https://doi.org/10.1016/j.paid.2016.05.042
https://doi.org/10.1016/j.paid.2016.05.042

il—Wl LEY

OSTERHOLZ ET AL.

different approaches, but a shared need to move beyond the
Big Few traits. European Journal of Personality, 34, 1175-1201.
https://doi.org/10.1002/per.2311

Naumann, L. P., Vazire, S., Rentfrow, P. J., & Gosling, S. D. (2009).
Personality judgments based on physical appearance.
Personality and Social Psychology Bulletin, 35, 1661-1671.
https://doi.org/10.1177/0146167209346309

Nestler, S., & Back, M. D. (2013). Applications and extensions
of the lens model to understand interpersonal judgments
at zero acquaintance. Current Directions in Psychological
Science, 22, 374-379. https://doi.org/10.1177/0963721413
486148

Nestler, S., & Back, M. D. (2017). Using cross-classified structural
equation models to examine the accuracy of personality judg-
ments. Psychometrika, 82, 475-497. https://doi.org/10.1007/
$11336-015-9485-6

Osterholz, S., Breil, S. M., Nestler, S., & Back, M. D. (2021). Lens
and dual lens models. In T. D. Letzring & J. S. Spain (Eds.),
The Oxford handbook of accurate personality judgment (pp.
45-60). Oxford University Press. https://doi.org/10.1093/oxfor
dhb/9780190912529.013.4

Phan, L. V., & Rauthmann, J. F. (2021). Personality computing: New
frontiers in personality assessment. Social and Personality
Psychology Compass, 15, e12624. https://doi.org/10.1111/
spc3.12624

Pornsakulvanich, V. (2017). Personality, attitudes, social influences,
and social networking site usage predicting online social sup-
port. Computers in Human Behavior, 76, 255-262. https://doi.
0rg/10.1016/j.chb.2017.07.021

Qiu, L., Lu, J,, Yang, S., Qu, W., & Zhu, T. (2015). What does your sel-
fie say about you? Computers in Human Behavior, 52, 443-449.
https://doi.org/10.1016/j.chb.2015.06.032

Rauthmann, J. F.,, Sherman, R. A., & Funder, D. C. (2015). Principles
of situation research: Towards a better understanding of psy-
chological situations. European Journal of Personality, 29, 363—
381. https://doi.org/10.1002/per.1994

Reece, A. G., & Danforth, C. M. (2017). Instagram photos reveal pre-
dictive markers of depression. EPJ Data Science, 6, 15. https://
doi.org/10.1140/epjds/s13688-017-0110-z

Richter, D., Rohrer, J., Metzing, M., Nestler, W., Weinhardt, M., &
Schupp, J. (2017). SOEP Scales Manual (updated for SOEP-Core
v32.1). SOEP Survey Papers 423: Series C. DIW/SOEP. https://
www.econstor.eu/handle/10419/156115

Robins, R. W., Hendin, H. M., & Trzesniewski, K. H. (2001).
Measuring global self-esteem: Construct validation of a single-
item measure and the Rosenberg Self-Esteem Scale. Personality
and Social Psychology Bulletin, 27, 151-161. https://doi.
0rg/10.1177/0146167201272002

Rosenberg, M. (1965). Society and the adolescent self-image. Princeton
University Press.

Roth, M., Decker, O., Herzberg, P. Y., & Brdhler, E. (2008).
Dimensionality and norms of the Rosenberg Self-Esteem Scale
in a German general population sample. European Journal of
Psychological Assessment, 24, 190-197. https://doi.org/10.1027
/1015-5759.24.3.190

Sheldon, P., & Bryant, K. (2016). Instagram: Motives for its use
and relationship to narcissism and contextual age. Computers

in Human Behavior, 58, 89-97. https://doi.org/10.1016/j.
chb.2015.12.059

Shrout, P. E., & Fleiss, J. L. (1979). Intraclass correlations: Uses in
assessing rater reliability. Psychological Bulletin, 86, 420-428.
https://doi.org/10.1037/0033-2909.86.2.420

Skowron, M., Tkalcic, M., Ferwerda, B., & Schedl, M. (2016). Fusing
social media cues: Personality prediction from Twitter and
Instagram. Proceedings of the 25th international conference
companion on World Wide Web (pp. 107-108). International
World Wide Web Conferences Steering Committee. https://doi.
0rg/10.1145/2872518.2889368

Stachl, C., Boyd, R. L., Horstmann, K. T., Khambatta, P., Matz, S.
C., & Harari, G. M. (2021). Computational personality assess-
ment. Personality Science, 2, 1-22. https://doi.org/10.5964/
ps.6115

Stopfer, J. M., Egloff, B., Nestler, S., & Back, M. D. (2014). Personality
expression and impression formation in online social networks:
An integrative approach to understanding the processes of ac-
curacy, impression management and meta-accuracy. European
Journal of Personality, 28, 73-94. https://doi.org/10.1002/
per.1935

Tskhay, K. O., & Rule, N. O. (2014). Perceptions of personality
in text-based media and OSN: A meta-analysis. Journal of
Research in Personality, 49, 25-30. https://doi.org/10.1016/j.
jrp.2013.12.004

Vandenbosch, L., Fardouly, J., & Tiggemann, M. (2021). Social media
and body image: Recent trends and future directions. Current
Opinion in Psychology, 45, 101289. https://doi.org/10.1016/j.
copsyc.2021.12.002

Vander Molen, R. J., Kaplan, S., Choi, E., & Montoya, D. (2018).
Judgments of the Dark Triad based on Facebook profiles.
Journal of Research in Personality, 73, 150-163. https://doi.
0rg/10.1016/,jrp.2017.11.010

Vazire, S. (2006). Informant reports: A cheap, fast, and easy method
for personality assessment. Journal of Research in Personality,
40, 472-481. https://doi.org/10.1016/j.jrp.2005.03.003

Vazire, S. (2010). Who knows what about a person? The self-other
knowledge asymmetry (SOKA) model. Journal of Personality
and Social Psychology, 98, 281-300. https://doi.org/10.1037/
a0017908

Vazire, S., & Carlson, E. N. (2021). What do we know when we know
ourselves? In O. P. John & R. W. Robins (Eds.), Handbook of per-
sonality: Theory and research (pp. 837-852). The Guilford Press.

Vazire, S., Naumann, L. P., Rentfrow, P. J., & Gosling, S. D. (2008).
Portrait of a narcissist: Manifestations of narcissism in physical
appearance. Journal of Research in Personality, 42, 1439-1447.
https://doi.org/10.1016/j.jrp.2008.06.007

Waggoner, A. S., Smith, E. R., & Collins, E. C. (2009). Person percep-
tion by active versus passive perceivers. Journal of Experimental
Social Psychology, 45, 1028-1031. https://doi.org/10.1016/j.
jesp.2009.04.026

Weinstein, E. (2018). The social media see-saw: Positive and nega-
tive influences on adolescents' affective well-being. New Media
& Society, 20, 3597-3623. https://doi.org/10.1177/1461444818
755634

Wilson, R. E., Gosling, S. D., & Graham, L. T. (2012). A review of
Facebook research in the social sciences. Perspectives on

95UB017 SUOWIWOD SA 181D 8|deot[dde aup Ag peusencb a.1e sejolLie YO ‘9SN Jo Sojni o} AkeuqiT8UIIUQ A8]I/ UO (SUONIPL0D-pUEe-SWBI Lo A3 1M Areiq1jeuljuo//SAny) SUONIPUOD pue SWi | 81 88S "[£202/T0/9z] Uo Akeidiauljuo AIm ‘Zur N SeuiolqigsieIseAlIN Aq 96/ZT AdOlTTTT OT/I0p/wW00 A8 1M AeIqpuljuD//:Scny Wouy pepeojumod ‘0 ‘v6r9.97T


https://doi.org/10.1002/per.2311
https://doi.org/10.1177/0146167209346309
https://doi.org/10.1177/0963721413486148
https://doi.org/10.1177/0963721413486148
https://doi.org/10.1007/s11336-015-9485-6
https://doi.org/10.1007/s11336-015-9485-6
https://doi.org/10.1093/oxfordhb/9780190912529.013.4
https://doi.org/10.1093/oxfordhb/9780190912529.013.4
https://doi.org/10.1111/spc3.12624
https://doi.org/10.1111/spc3.12624
https://doi.org/10.1016/j.chb.2017.07.021
https://doi.org/10.1016/j.chb.2017.07.021
https://doi.org/10.1016/j.chb.2015.06.032
https://doi.org/10.1002/per.1994
https://doi.org/10.1140/epjds/s13688-017-0110-z
https://doi.org/10.1140/epjds/s13688-017-0110-z
https://www.econstor.eu/handle/10419/156115
https://www.econstor.eu/handle/10419/156115
https://doi.org/10.1177/0146167201272002
https://doi.org/10.1177/0146167201272002
https://doi.org/10.1027/1015-5759.24.3.190
https://doi.org/10.1027/1015-5759.24.3.190
https://doi.org/10.1016/j.chb.2015.12.059
https://doi.org/10.1016/j.chb.2015.12.059
https://doi.org/10.1037/0033-2909.86.2.420
https://doi.org/10.1145/2872518.2889368
https://doi.org/10.1145/2872518.2889368
https://doi.org/10.5964/ps.6115
https://doi.org/10.5964/ps.6115
https://doi.org/10.1002/per.1935
https://doi.org/10.1002/per.1935
https://doi.org/10.1016/j.jrp.2013.12.004
https://doi.org/10.1016/j.jrp.2013.12.004
https://doi.org/10.1016/j.copsyc.2021.12.002
https://doi.org/10.1016/j.copsyc.2021.12.002
https://doi.org/10.1016/j.jrp.2017.11.010
https://doi.org/10.1016/j.jrp.2017.11.010
https://doi.org/10.1016/j.jrp.2005.03.003
https://doi.org/10.1037/a0017908
https://doi.org/10.1037/a0017908
https://doi.org/10.1016/j.jrp.2008.06.007
https://doi.org/10.1016/j.jesp.2009.04.026
https://doi.org/10.1016/j.jesp.2009.04.026
https://doi.org/10.1177/1461444818755634
https://doi.org/10.1177/1461444818755634

OSTERHOLZ ET AL.

Psychological Science, 7, 203-220. https://doi.org/10.1177/17456
91612442904

SUPPORTING INFORMATION

Additional supporting information can be found online
in the Supporting Information section at the end of this
article.

WILEY-2

How to cite this article: Osterholz, S., Mosel, E. 1.,
& Egloff, B. (2022). #Insta personality: Personality
expression in Instagram accounts, impression
formation, and accuracy of personality judgments at
zero acquaintance. Journal of Personality, 00, 1-17.
https://doi.org/10.1111/jopy.12756

95UB017 SUOWIWOD SA 181D 8|deot[dde aup Ag peusencb a.1e sejolLie YO ‘9SN Jo Sojni o} AkeuqiT8UIIUQ A8]I/ UO (SUONIPL0D-pUEe-SWBI Lo A3 1M Areiq1jeuljuo//SAny) SUONIPUOD pue SWi | 81 88S "[£202/T0/9z] Uo Akeidiauljuo AIm ‘Zur N SeuiolqigsieIseAlIN Aq 96/ZT AdOlTTTT OT/I0p/wW00 A8 1M AeIqpuljuD//:Scny Wouy pepeojumod ‘0 ‘v6r9.97T


https://doi.org/10.1177/1745691612442904
https://doi.org/10.1177/1745691612442904
https://doi.org/10.1111/jopy.12756

	#Insta personality: Personality expression in Instagram accounts, impression formation, and accuracy of personality judgments at zero acquaintance
	Abstract
	1|INTRODUCTION
	2|THE PRESENT STUDY
	2.1|Question 1: Personality expression: Which Instagram features and content (cues) are (valid) indicators of Instagram users' personality traits (cue validity)?
	2.2|Question 2: Impression formation: Which Instagram features and content (cues) are associated with observers' zero-­acquaintance personality judgments (cue utilizations)?
	2.3|Question 3: Accuracy: How accurate are zero-­acquaintance personality judgments of Instagram users based solely on their Instagram accounts?

	3|METHOD
	3.1|Self-­ and informant reports of Instagram users
	3.2|Screenshots of Instagram profiles
	3.3|Cue measures
	3.4|Observer ratings

	4|RESULTS
	4.1|Descriptive statistics
	4.2|Personality expression
	4.3|Impression formation
	4.4|Consensus and accuracy of observers' personality judgments

	5|DISCUSSION
	6|CONCLUSION
	ACKNOWLEDGMENTS
	FUNDING INFORMATION
	CONFLICT OF INTEREST
	AUTHOR CONTRIBUTIONS
	ETHICS APPROVAL STATEMENT
	DATA AVAILABILITY STATEMENT
	REFERENCES


